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Infrared and Visible Image Fusion Based on Multi-scale Link

LIU Zhaofeng s, JIANG Jiarui, FU Yinghua

(School of Optical-Electrical and Computer Engineering., University of Shanghai for
Science and Technology, Shanghai 200082, China)

Abstract: A fusion method for infrared and visible image was presented. The method
used generative adversarial network (GAN) of deep learning to fuse two modal images. The
fusion process was mainly achieved through adversarial interactions between generators and
discriminators of the network architecture. The generator employed a multi-scale link
architecture to allow effective extraction and utilization of deep and shallow-level features
from the source images. Moreover, the local discriminator which was distinct from
traditional global discriminator was used to ensure comprehensive incorporation of the
information and feature distributions from the source images in the fused output.
Experimental results demonstrate the effectiveness of the proposed method in preserving the
distinctive characteristics of both source images in the fused output.
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